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Abstract: The unavoidable diet change in emerging countries, projected for the coming years, will
significantly increase the global consumption of animal protein. It is expected that Brazilian livestock
production, responsible for close to 15% of global production, be prepared to answer to the increasing
demand of beef. Consequently, the evaluation of pasture quality at regional scale is important to
inform public policies towards a rational land use strategy directed to improve livestock productivity
in the country. Our hypothesis is that MODIS images can be used to evaluate the processes of
degradation, restoration and renovation of tropical pastures. To test this hypothesis, two field
campaigns were performed covering a route of approximately 40,000 km through nine Brazilian
states. To characterize the sampled pastures, biophysical parameters were measured and observations
about the pastures, the adopted management and the landscape were collected. Each sampled pasture
was evaluated using a time series of MODIS EVI2 images from 2000–2012, according to a new protocol
based on seven phenological metrics, 14 Boolean criteria and two numerical criteria. The theoretical
basis of this protocol was derived from interviews with producers and livestock experts during a third
field campaign. The analysis of the MODIS EVI2 time series provided valuable historical information
on the type of intervention and on the biological degradation process of the sampled pastures. Of the
782 pastures sampled, 26.6% experienced some type of intervention, 19.1% were under biological
degradation, and 54.3% presented neither intervention nor trend of biomass decrease during the
period analyzed.

Keywords: EVI2 time series; biophysical parameters; phenological metrics; biological degradation;
pasture reformation; pasture renewal; pasture recovery

1. Introduction

The increasing demand for food as a result of population growth and the global urbanization
process [1], the growing demand for renewable energy sources [2] and the improved management of
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natural resources have been calling the attention of governments, the scientific community and society
on issues such as agriculture and livestock, aiming at a better use of the territory [3,4].

Beef suppliers will be required to react to fulfill a predicted increase of 44% in the global demand
for beef in 2030 as a consequence of income increase in developing countries [5]. Brazil plays an
important role as the second largest beef producer and the number one beef exporter in the world.
Nevertheless, the increase of beef supply must be associated exclusively to the improvement in
livestock productivity, given the goals set by governments of developing countries to reduce rates of
deforestation and greenhouse gas emissions [6,7], and land competition for production of grain and
biofuels [8–11].

The most important premise for the increase in livestock productivity is the improvement of
pastures in terms of quality, and the degradation process is the main cause of quality loss in tropical
countries, where most of the herd is on pasture year round. This is a chronic problem, being a limiting
factor to the increase in livestock productivity. Dias-Filho [12], focusing on tropical pasture, classified
the process of pasture degradation into two types, i.e., biological and agricultural. The biological
degradation is the loss of the pasture ability in sustaining its productivity due to soil conditions, while
the agricultural degradation represents the inability of the pasture to be economically feasible due to
competition with invasive plants.

Remote sensing (RS) images acquired by Earth observation satellites make it possible to evaluate
the changes in land-use/land-cover over the past four decades, on scales never explored before
(e.g., [13–16]). The synoptic and repetitive coverage provided by these images, along with ecological
indicators and vegetation biophysical parameters, allows the application of integrated data analysis
and the development of predictive models useful for decision makers [17,18].

However, there are no studies that distinguish, on a regional scale and based on RS images, the
consequences of the adopted management practices in tropical pastures (including grazing), from
those arising from variations intrinsic to the ecosystem [19].

In this sense, time series of two-band Enhanced Vegetation Index (EVI2; [20]) derived from the
Moderate Resolution Imaging Spectroradiometer (MODIS) instrument may be used to understand
phenological patterns and support the assessment of anthropogenic interventions and degradation
process on tropical pastures. Starting from this premise, the objective of this study was to propose and
test a new protocol for identifying anthropogenic interference (i.e., pasture management) and pasture
degradation processes using phenological metrics extracted from time series of MODIS/EVI2.

Theoretical Basis for Tropical Pastures Assessment Using EVI2 Time Series

Climatic and edaphic factors, anthropogenic interventions, cattle grazing and the occurrence
of fires define the spectral dynamics of pasture lands in time. Thus, models that are based on the
assumption that the vegetation behavior is linear and gradual are not valid to describe the behavior of
tropical pasture under grazing [17,21,22].

The pasture response to the complex interaction of these factors can be gradual, linear, non-linear
or abrupt [17], with indicators that can be observed by satellite sensors, allowing the assessment of
pasture behavior in relation to changes in their composition. Metrics from time series of vegetation
indices, associated with the empirical knowledge of the aforementioned factors, allow the monitoring
of vegetation in search for indicators of change [13,23–25]. Unlike agricultural crops—with its well
defined planting and harvesting schedules—and forests—where the seasonal variability in biomass is,
in general, not relevant—there is not a well defined schedule for pasture and the annual variability in
biomass can be high, depending on the grass type, soil and climate conditions [17,26–28].

A tropical pasture under biological degradation [12], combined with the lack of a proper
management, cover and soil nutrient loss, causes the emergence of patches of exposed soil [27,29,30].
Time series of vegetation indices extracted from satellite images are sensitive to changes of this
kind [22]. On the other hand, pastures under agricultural degradation—where there are changes in the
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biological composition due to secondary succession—or experiencing undergrazing, show an increase
in biomass [12], a process which is also detected in time series of vegetation indices [31].

In fact, the typical pasture behavior over time is due to the seasonal variation in biomass related
to water availability [27,32]. This variation is expressed in time series of vegetation indices as a
seasonal behavior that characterizes, in each crop year, dry (with low values for the index) and
wet (with high values) periods [24,27]. On the other hand, significant changes in pasture and
grazing management (e.g., increased stocking rate, change from continuous to rotational grazing, or
anthropogenic interventions for pasture improvement) are characterized by meaningful changes in the
typical temporal behavior of the vegetation index [17].

For Macedo et al. [30], the recovery of a degraded pasture is characterized by the reestablishment
of the pasture production, with the planting of the same species or cultivar. Alternatively, the renewal of
a degraded pasture is characterized by the introduction of a new pasture species [30]. The reformation
is related to corrections and/or repairs made after the establishment of the pasture. Both the recovery
and the renewal can be performed directly and indirectly, i.e., with or without the use of summer crops
or annual pasture.

In this study, the recovery and renewal processes were grouped together due to the difficulty of
distinguishing them because of the scale of the analysis. Both processes are characterized by soil tilling,
which significantly changes the minimum values of EVI2 in the beginning of these processes, allowing
their identification in EVI2 time series.

Thus, the hypotheses for the establishment of the assessment protocol based on EVI2 time series of
tropical pasture are: (i) anthropogenic interventions typically associated with pasture reformation cause
an increase in the pasture biomass and are not preceded by soil exposure [30,33]; (ii) anthropogenic
interventions typically associated with renewal/recovery processes cause an increase in the pasture
biomass and are preceded by tillage [30,33]; (iii) biological degradation of pastures result in the
decrease of biomass over time [12]; and (iv) vegetation indices extracted from time series of satellite
images are sensitive to the changes described above.

A pasture that has gone through some sort of intervention in a given period could also be
subject to degradation after the intervention, resulting in loss of biomass. Factors such as inadequate
management, problems during planting, insufficient fertilization, and adoption of stocking rates above
the pasture carrying capacity can accelerate the degradation process. However, it was assumed, for the
purpose of this study, that only pastures that have not gone through any sort of human intervention,
and showed a tendency of decrease in biomass during the analyzed period, could be classified as
degraded pasture.

2. Materials and Methods

2.1. Study Area and Field Campaigns

Two field campaigns were conducted for data collection and characterization of pasture cover
conditions, both in the context of “Rally da Pecuária” [34]. The routes of the campaigns were defined
based on the distribution of cattle production, according to the number of heads per census tract
(Figure 1; [35]), taking into account road conditions and logistical constraints. The access restrictions
observed during the first campaign, and the changes observed in the field relative to the census data,
were taken into account when defining the route of the second campaign. The first campaign was
held between 25 September and 12 November 2011, while the second campaign was held between
22 August and 1 October 2012, both campaigns including the South, Southeast, Midwest and North
regions of Brazil (Figure 1). The total distance covered in these campaigns was 40,000 km and the
number of samples collected in each was 369 and 413, respectively.
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Figure 1. Location of the pastures sampled during the 2011 and the 2012 campaigns, and total number 
of cattle heads per census tract [35].  

2.2. In Situ Pasture Data Collection 

The characterization of the pasture cover (sampling) was performed every 20 or 40 km, 
depending on the path length. For each pasture sample, we measured biophysical parameters of the 
vegetation to determine the pasture stand, took panoramic and vertical photographs, collected 
geographical coordinates, and observed characteristics of the pasture and the landscape, including 
pasture species, topography, soil texture, and others. All data were recorded on numbered field 
sheets, which were associated to the photographs taken and the EVI2 time series. 

Biophysical parameters considered for determination of the pasture stand were: (i) number of 
invasive plants, stools, and termite mounds (i.e., degradation and management indicators) found 
within three circles with a radius of 3 m randomly placed within each sampled pasture; (ii) number 
of plants and dry weight of the pasture harvested from a 1 m2 quadrat placed within the first circle, 
following the methodology of [36]; and (iii) height, measured at three locations within each sampled 
pasture (see Appendix A—Figure A1 for illustration). 

This set of parameters was considered for the determination of the pasture stand by a specialist, 
who evaluated the status of all pastures visited, classifying them as degraded, intermediate, or 
appropriate. The results of this evaluation were compared to the results obtained remotely. 

Figure 1. Location of the pastures sampled during the 2011 and the 2012 campaigns, and total number
of cattle heads per census tract [35].

2.2. In Situ Pasture Data Collection

The characterization of the pasture cover (sampling) was performed every 20 or 40 km, depending
on the path length. For each pasture sample, we measured biophysical parameters of the vegetation
to determine the pasture stand, took panoramic and vertical photographs, collected geographical
coordinates, and observed characteristics of the pasture and the landscape, including pasture species,
topography, soil texture, and others. All data were recorded on numbered field sheets, which were
associated to the photographs taken and the EVI2 time series.

Biophysical parameters considered for determination of the pasture stand were: (i) number of
invasive plants, stools, and termite mounds (i.e., degradation and management indicators) found
within three circles with a radius of 3 m randomly placed within each sampled pasture; (ii) number
of plants and dry weight of the pasture harvested from a 1 m2 quadrat placed within the first circle,
following the methodology of [36]; and (iii) height, measured at three locations within each sampled
pasture (see Appendix A—Figure A1 for illustration).

This set of parameters was considered for the determination of the pasture stand by a specialist,
who evaluated the status of all pastures visited, classifying them as degraded, intermediate, or appropriate.
The results of this evaluation were compared to the results obtained remotely.

The following rules were adopted for selection of sampling points within the pastures: (i) the
samples were located at least 150 m away from the edges of the pastures to compensate for GPS
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positioning errors and edge effects that could potentially influence the biophysical parameters; and
(ii) the sites chosen were representative of the conditions of the pastures sampled, i.e., the heterogeneity
of the pasture was taken into account after a visual inspection in the field.

2.3. Remotely Sensed Data

MODIS 16-day composite EVI2 time series [20] and monthly 25 km Tropical Rainfall Measuring
Mission (TRMM) rainfall estimates from 2000 to 2012 were obtained for all points sampled in the
field campaigns [37]. To reduce noise in the MODIS EVI2 time series, we first removed dates where
the reflectance was greater than 10% in the blue band and where the view zenith angle was greater
than 32.5◦, following methods of [38]. The time series were filtered using the wavelet transform,
following [39].

Pixels representing the visited pasture were chosen with the aid of high spatial resolution images
available at the virtual globe of Google Maps, and images of medium spatial resolution sensors (TM and
ETM+) from 2000 to 2012, acquired in the dry (April to October) and wet periods (May to September).
This information was integrated into a web-based tool adapted from [40]. Pastures smaller than the
pixel size (250 m × 250 m), or not represented by any “pure” pixel (i.e., a pixel totally contained within
the pasture), were excluded from the analysis.

2.3.1. Protocol for Pasture Assessment Using Vegetation Index Time Series

For the development of this protocol, seven farms were visited in the states of São Paulo, Mato
Grosso do Sul, and Pará in October 2012, in the context of the Geodegrade project coordinated
by EMBRAPA Satellite Monitoring [41]. During these visits, experts were consulted to establish
the criteria that relate the EVI2 time series to the interventions (renovation/recovery, reform, and
degradation process) that occurred from 2000 to 2012. From these relationships, phenological metrics
were established, as described in the following section.

2.3.2. Phenological Metrics

Except for the vegetative vigor, all phenological metrics extracted from the time series were based
on the identification of maximum (max) and minimum (min) values of EVI2 during a given crop year
(Figure 2). For the identification of these values, it was established a time window in which an R
language [42] algorithm identified the minimum EVI2 value and the date on which it occurred (dmin).
For the first crop year, the algorithm searched the lowest observed value in the eight months that
succeeded the date of the first observation of the series, whereas for all the following crop years, the
algorithm had as its starting point the dmin identified in the previous crop year plus 12 months. Based
on that date, it searched for the min (and the dmin) within a time window of eight months, considering
four months before and four months after the date.
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After finding the dates corresponding to the minimum (min) vegetation indices for all crop years,
the identification of the maximum values (max), and their dates of occurrence (dmax), was performed by
searching the periods comprised between the dates associated with two consecutive minima. The min
and max values for each crop year of the time series and their respective dates were used to calculate
other phenological metrics described in Table 1.

Table 1. Description of the seven phenological metrics.

Metric Description

max Maximum observed value of EVI2 (its corresponding date is dmax—Julian Day)
min Minimum observed value of EVI2 (its corresponding date is dmin—Julian Day)
amp Amplitude: max–min
gur Green-up rate ((max − min)/(dmax − dmin))
ddp Duration of the dry period (number of 16-day EVI2 composites)
idp Intensity of the dry period
vv Vegetative vigor

For the calculation of the duration and the intensity of the dry period (ddp and idp), we calculated a
Local Minimum Limit (LML) based on the observations of the analyzed crop year and the observations
of the two previous crop years, which defined the so-called “dry period”. The LML was calculated as:

LML = minyear +
a − b

4
(1)

where minyear is the min observed for the crop year under analysis; a is the smallest max value observed
for the last three crop years (maxyear, maxyear-1 and maxyear-2); and b is the smallest min value observed
for the last three crop years (minyear, minyear-1 and minyear-2).

The LML is represented by a horizontal line in the graph of the time series (Figure 2). All EVI2
values that were lower than the LML were considered to represent a dry period. The number of
compositions of a crop year in which the EVI2 values were lower than the LML defines the ddp.
The area between the time series curve and the LML defines the idp (Figure 2).

The vegetative vigor (vv) metric was calculated as the area, in each crop year, between the time
series curve and the mean EVI2 calculated considering all the values of the time series (Figure 2).
The amplitude (amp) was calculated as the difference between max and min, and the green-up rate (gur)
was calculated as:

max − min
dmax − dmin

(2)

Boolean Criteria and Numeric Comparisons

The use of phenological metrics allows comparison of two or more crop years. To understand the
processes that occur over time (such as pasture degradation), or even processes that are characterized
by detectable changes in a specific time period (for example, human intervention in pasture), it is
common to compare phenological metrics of a given crop year with those from crop years that precede
and/or succeed it [26,43]. This study was based on comparisons between the crop year and the two
previous years using 14 Boolean criteria (i.e., true or false). Additionally, 14 numerical comparisons
were performed (Table 2).
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Table 2. Description of the 14 Boolean (bc) and numerical (nc) criteria used for comparisons between the
phenological metrics of a crop year (year) with those from the two previous years (year-1 and year-2).

bc Boolean Criterion (bc) nc Numeric Criterion (nc)

bc1 is maxyear greater than maxyear-1? nc1 (maxyear − maxyear-1)/maxyear-1
bc2 is maxyear greater than maxyear-2? nc2 (maxyear − maxyear-2)/maxyear-2
bc3 is minyear lesser than minyear-1? nc3 (minyear − minyear-1)/minyear-1
bc4 is minyear lesser than minyear-2? nc4 (minyear − minyear-2)/minyear-2
bc5 is ampyear greater than ampyear-1? nc5 (ampyear − ampyear-1)/ampyear-1
bc6 is ampyear greater than ampyear-2? nc6 (ampyear − ampyear-2)/ampyear-2
bc7 is guryear greater than guryear-1? nc7 (bgiyear − bgiyear-1)/iveyear-1
bc8 is guryear greater than guryear-2? nc8 (iveyear − iveyear-2)/iveyear-2
bc9 is ddpyear greater than ddpyear-1? nc9 ddsyear − dpsyear-1

bc10 is ddpyear greater than dppyear-2? nc10 ddsyear − dpsyear-2
bc11 is idpyear greater than idpyear-1? nc11 idpyear − ipsyear-1
bc12 is idpyear greater than idpyear-2? nc12 idpyear − ipsyear-2
bc13 is vvyear greater than vvyear-1? nc13 (ivvyear − ivvyear-1)/ivvyear-1
bc14 is vvyear greater than vvyear-2? nc14 (ivvyear − ivvyear-2)/ivvyear-2

2.3.3. Identification of Anthropogenic Intervention in the Pasture

It is possible to define, with the help of a livestock specialist, procedures for identifying
intervention processes. Pasture reformation, for instance, is characterized by a fast and steep increase
in vegetative vigor, which is reflected as an increase in the vegetation index, especially in the maximum
observed values of EVI2 (max) and in the green-up rate (gur). The gur reflects abrupt changes in the
vegetation [44] and, in the case of pasture, is associated with fertilization, control of invasive plants
and pests, among other factors.

In this study, pasture reformation was characterized by pixels where the Boolean criteria bc1, bc2,
bc5, bc6, bc7, and bc8 were true, whereas the criteria bc11 and bc12 were false (see Table 2). In addition,
the pixels should have a max value in the current crop year at least 15% higher than in the previous
crop year; i.e., nc1 ≥ 0.15 (Table 2). This threshold was established based on examples of reformed
pasture observed in the monitored farms (Section 2.3.1). We expect that the proposed protocol will
detect only successful reformations, where an increase of the pasture biomass is observed as a result.
However, we note that not all reformations will result in increased biomass due to factors that range
from the choice of the reformation strategy to the availability of financial resources [30,33]. In such
cases, no significant changes are expected for the EVI2 values.

The renewal/restoration processes were characterized by pixels where all Boolean criteria were
true, except for bc7 and bc8, which could be either true or false. This was because a fast increase of
the vegetative vigor is a more striking feature in the reformation process than in the renewal and
restoration processes, for which one must consider the time of formation of the new pasture. Moreover,
the renewal/restoration were characterized by pixels showing a vegetative vigor (see Figure 2) in the
current crop year at least three times greater than that of the previous year; i.e., nc13 ≥ 2 (see Table 2).

This threshold was also established based on data of recovered and renewed pastures in the
monitored farms and expert consultation. Due to the high cost of the operations associated with
renewal/recovery processes [30,33], it was assumed that these interventions occured only in pastures
that had undergone severe degradation. These pastures show a low amplitude between the maximum
and minimum values in the EVI2 time series. The low EVI2 amplitude, the period of exposed soil
between the removal of the degraded pasture and the planting of the new pasture (reflected as a
decline in the EVI2 values), and the maximum values of EVI2 associated with the new pasture in the
wet period, all influenced the choice of the nc13 threshold.

For each sample, the algorithm identified the occurrence of reformation or renewal/recovery
processes. For samples in which no intervention was detected in the analyzed crop years, the algorithm
searched for degradation processes. Assuming that the typical degradation process observed in the
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visited farms in São Paulo and Mato Grosso do Sul is characterized by reduction of vegetative vigor
(i.e., biomass) and, consequently, a reduction in the pasture carrying capacity, degradation was defined
based on the vv phenological metric, as described below.

2.3.4. Identification of Degradation Process in Pasture

The identification of degradation process was performed using linear regression analysis [45,46].
For every pixel in which no intervention was identified, the 12 calculated values of vv (2000–2012)
were taken as observations of a dependent variable, while time (years) was defined as the independent
variable. Both variables were normalized between zero and one before fitting the regression line
(e.g., Figure 3). Once the assumptions for regression analysis were met [47], a slope test using Student’s
t was conducted in order to verify if the regression slope was significant at the 10% level, indicating
the occurrence of biological degradation. Figure 3 shows the scatterplot of the normalized values of vv
versus time for the 12 analyzed crop years for one of the pixels monitored in the Geodegrade project,
with the estimated regression line.
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3. Results

3.1. Regional Analysis

Figure 4 presents the average EVI2 time series for the 267, 389, and 106 samples collected in the
Amazon, Cerrado, and Atlantic Forest biomes, respectively. On average, the pastures sampled in the
Amazon presented maximum values of EVI2 higher than those sampled in other biomes. It is possible
that the difference in maximum values of EVI2 among the three biomes is related not only to soil
and climate characteristics, but also to differences in stocking rates, which are generally higher in the
Atlantic Forest and the Cerrado [48], directly impacting the availability of forage.

In addition to differences in precipitation regimes, the differences in the minimum values of
the EVI2 curves among biomes in Figure 4 can be partially explained by the predominant type of
degradation process in each biome. Invasive plants tend to remain green during the dry season due
to their greater ability to absorb water from the soil in dry conditions. As a result, pastures infested
with invasive plants tend to maintain EVI2 values higher than pastures without invasive plants [12].
In the Amazon, the main cause of pasture degradation is the change in the biological composition
due to secondary forest succession [21,49]. Pastures that have management problems during the
establishment stage, or those attacked by insect pests, are more susceptible to this type of degradation.
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Figure 4 can also be used to assess changes in the precipitation regime during the analyzed period
and the impacts of these changes on the pasture. However, the influence of rainfall on vegetation
indices derived from satellite images varies according to the type of vegetation and soil properties [50].
In the case of pasture, there is yet another important variable that must be taken into account: grazing.
The distinction of the impact of each of these variables on the pasture can only be performed in
controlled environments, where the history of grazing and precipitation is known [51,52].

3.2. Degradation and Intensification Trends in the Sampled Pasture Lands

The results of the application of the protocol to the pastures sampled in the field campaigns are
presented in Table 3. Only 14.1% of the pastures were reformed between 2003 and 2011, which is less
than the required for rehabilitating degraded pastureland in Brazil by 2020 (15 Mha), as established by
the Sectorial Plan for Mitigation and Adaptation to Climate Change for the Consolidation of a Low-Carbon
Economy in Agriculture (ABC programme; [53]). Of the sampled pastures, 19.0% presented a significant
decline in biomass as measured by the regression analysis described in Section 2.3.4.

Table 3. Results of the application of the protocol for pasture assessment using vegetation index
time series.

Pasture Status
2011 2012 Total

Samples % Samples % Samples %

Reformation 52 14.1 52 12.6 104 13.3
Renewal/Recovery 50 13.6 49 11.9 99 12.7

Reformation and Renewal/Recovery 3 0.8 2 0.5 5 0.6
In Degradation 58 15.7 91 22.0 149 19.1

Without Intervention 206 55.8 219 53.0 425 54.3
Total 369 413 782

The results of the intersection between the assessment of the pastures in the field and the
classification obtained with the EVI2 time series are presented in Table 4. We found that, of the
778 samples evaluated by both the protocol and the field assessment, 34 (4.4%) displayed a significant
reduction in biomass as shown in the EVI2 time series, and were classified as degraded when the field
survey was performed. The pastures classified as intermediate or degraded in the field require some kind
of intervention, without tilling of the soil and/or changing the forage. We found 30 samples (3.8%) in
this category, and 80 (10.3%) samples with suitable stand, but with a decreasing trend in biomass.
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Table 4. Results of the intersection between the field assessment and the pasture classification obtained
with the EVI2 time series.

Intervention/Degradation
(EVI2 Time Series)

Stand (Field Assessment)

Appropriate Intermediate Degraded

Samples % Samples % Samples %

Reformation 63 14.4 20 11.8 20 11.8
Renewal/Recovery 54 12.3 27 15.9 18 10.7

Reformation and Renewal/Recovery 4 0.9 1 0.6 0 0.0
In Degradation 80 18.2 30 17.6 34 20.1

Without Intervention 238 54.2 92 54.1 97 57.4
Total 439 170 169

Among the 207 pasture samples found to have gone thought some kind of intervention, only
38 were classified as degraded in 2011 or 2012. However, if we consider the interventions carried
out in 2009, 2010, and 2011, only one sample was classified as degraded in the field, and this sample
was classified by the protocol as pasture reformed in 2011, after the field visit. From the pastures
showing no degradation trend (427), which have not gone through interventions in the analyzed
period, 330 (42.4%) were classified as appropriate or intermediate (Table 4).

The results of the application of the protocol are presented in Table 5 and Figure 5 by biome.
The samples collected in the Pantanal biome had the greatest percentage of pasture under degradation
(40%). However, the number of sampled pastures in this biome was relatively small (20 samples) when
compared to other biomes. Among the biomes with the greatest number of samples, the Amazon
had the highest percentage of pasture samples in degradation process, followed by the Cerrado, and
the Atlantic Forest. Pasture reformation was a more common practice in samples of Atlantic Forest,
while renewals/recoveries were more common in the Amazon pastures, when the Pantanal is not
considered (Table 5). These differences can be explained, in part, by the level of technology adopted in
each biome [48]. However, factors such as cattle price, market conditions, and distance to the main
consumer markets may influence the producer’s decision on whether to intervene [54].

Table 5. Pasture status for the samples collected in this study. Percentages are expressed as a fraction
of the total number of samples per biome.

Pasture Status
Amazon Cerrado Atlantic Forest Pantanal

Samples % Samples % Samples % Samples %

Reformation 31 11.6 53 13.6 18 17.0 2 10.0
Renewal/Recovery 38 14.2 46 11.8 12 11.3 3 15.0

Reformation and Renewal/Recovery 1 0.4 2 0.5 2 1.9 0 0.0
In Degradation 60 22.5 69 17.7 7 6.6 8 40.0

Without Intervention 137 51.3 219 56.3 67 63.2 7 35.0
Total 267 389 106 20

In Midwest Brazil, where the Cerrado biome is predominant, the most direct cause of pasture
degradation is the systematic use of stock numbers that exceed the pasture carrying capacity, causing
defoliation and loss of soil nutrients, aggravated by the lack of a proper management for pasture
recovery [29,54,55]. Overgrazing reduces the vegetation cover and increases the decomposition rates
of organic matter and erosion, which are features of biological degradation [12]. For this kind of
degradation, the most adopted strategy is the recovery of the soil fertility by manuring, usually
performed during the process of reformation.
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higher on average than those of the first period. In September 2004, there was an abrupt decrease in 
EVI2. In the two following crop years, the maximum values of EVI2 and the duration of the cycles 
indicated the presence of a summer crop followed by a winter crop—in 2004/2005 and 2005/2006 
[56]—and a longer cycle crop in 2006/2007 followed by pasture planting. This fact is corroborated by 
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fluctuations are believed to represent the effect of grazing (i.e., introduction and removal of livestock 
from the area or significant changes in stocking rate) and are not visible in the period when 
agricultural crops were present (2005–2007). However, the absence of these fluctuations in the EVI2 
time series may indicate continuous grazing, or even be related to a pasture without cattle present, a 
management practice that is commonly adopted in the rainy season aiming at the accumulation of 
forage to be consumed in the dry season [57].  

Figure 5. Pasture lands sampled in the field campaigns and intervention/degradation status of the
samples as assessed with our protocol using MODIS EVI2 time series.

4. Discussion

4.1. Anthropogenic Interventions

The seven phenological metrics adopted for the evaluation of the EVI2 time series were calculated
for all pastures sampled in each year of the analyzed period and were used to evaluate the Boolean
and numeric criteria proposed in the protocol. Figure 6 illustrates an example of pasture where
intervention was detected and classified as indirect renewal/recovery. There was a change in max
between the 2000–2004 and 2008–2012 periods, with the max values of the second period 10.5% higher
on average than those of the first period. In September 2004, there was an abrupt decrease in EVI2.
In the two following crop years, the maximum values of EVI2 and the duration of the cycles indicated
the presence of a summer crop followed by a winter crop—in 2004/2005 and 2005/2006 [56]—and a
longer cycle crop in 2006/2007 followed by pasture planting. This fact is corroborated by [30,33], who
state that indirect renewal can be peformed using summer and winter crops.

A typical characteristic observed in EVI2 time series of pasture is the presence of small fluctuations,
which are better observed in the unfiltered curve (blue line in Figure 6). These noise-like fluctuations
are believed to represent the effect of grazing (i.e., introduction and removal of livestock from the area
or significant changes in stocking rate) and are not visible in the period when agricultural crops were
present (2005–2007). However, the absence of these fluctuations in the EVI2 time series may indicate
continuous grazing, or even be related to a pasture without cattle present, a management practice that
is commonly adopted in the rainy season aiming at the accumulation of forage to be consumed in the
dry season [57].
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Figure 6. EVI2 time series for a pasture (Brachiaria brizantha) sampled in the Atlantic Forest biome in 
the State of São Paulo (18.916°S, 47.855°W); the stand was classified as “appropriate” in the field: (A) 
A high-resolution Google Earth image; (B) A TM/Landsat image (B3G5R4); (C) An ETM+/Landsat 
image (B3G5R4), and (D) The photograph acquired in the field, respectively. The blue line is the first 
filtered EVI2 time series. The red line is the wavelet transform series. The blue bars are TRMM 
precipitation time series. The blue dotted line indicates the intervention detected by the protocol. The 
year label indicates July for each crop-year.  

Figure 7 presents an EVI2 time series of a pasture sampled in Mato Grosso in September 2012. 
A gradual reduction of EVI2 values is notorious between 2003 and 2007, when there was a direct 
renewal/recovery of the pasture, according to the protocol. During this period, there was a 27% 
reduction in the maximum values of EVI2. In the 2007/2008 crop year, there was an increase of 54% 
in the maximum EVI2 and 443% in the vegetative vigor (vv), whereas the min in the preplanting 
period was 24.3% lower than the min observed in the dry season of the previous crop year. 

Figure 6. EVI2 time series for a pasture (Brachiaria brizantha) sampled in the Atlantic Forest biome
in the State of São Paulo (18.916◦S, 47.855◦W); the stand was classified as “appropriate” in the field:
(A) A high-resolution Google Earth image; (B) A TM/Landsat image (B3G5R4); (C) An ETM+/Landsat
image (B3G5R4); and (D) The photograph acquired in the field, respectively. The blue line is the
first filtered EVI2 time series. The red line is the wavelet transform series. The blue bars are TRMM
precipitation time series. The blue dotted line indicates the intervention detected by the protocol.
The year label indicates July for each crop-year.

Figure 7 presents an EVI2 time series of a pasture sampled in Mato Grosso in September 2012.
A gradual reduction of EVI2 values is notorious between 2003 and 2007, when there was a direct
renewal/recovery of the pasture, according to the protocol. During this period, there was a 27%
reduction in the maximum values of EVI2. In the 2007/2008 crop year, there was an increase of 54% in
the maximum EVI2 and 443% in the vegetative vigor (vv), whereas the min in the preplanting period
was 24.3% lower than the min observed in the dry season of the previous crop year.
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of Mato Grosso (15.87°S, 52.392°W); the stand was classified as “appropriate” in the field: (A) The 
high-resolution Google Earth Image and (B) The photograph acquired in the field, respectively. The 
blue line is the first filtered EVI2 time series. The red line is the wavelet transform series. The blue 
bars are TRMM precipitation time series. The blue dotted line indicates the intervention detected by 
the protocol. The year label indicates July for each crop-year. 

In this pasture, the reduction in the max that occurred between 2003 and 2007 was also influenced 
by a decrease in precipitation, which further influenced the biomass availability of the pasture. 
Nevertheless, in the second period of biomass reduction (2008 to 2012), there were some years in 
which the annual precipitation was higher than the mean precipitation of the analyzed period (e.g., 
2009/2010 and 2010/2011). Considering that rainfall and grazing are the main factors affecting the 
structure and function of the pasture [58], a possible explanation for the difference in the EVI2 
response to the variation in precipitation between periods may be a change in stocking rate. 

Figure 8 shows the EVI2 time series of a pasture sampled in September 2012 in Jauru, Mato 
Grosso (Amazon biome), where an intervention was identified as reformation. Unlike the previous 
examples, the time series presented in Figure 8 shows no values of EVI2 indicating exposed soil or 
activities related to pasture renewal or recovery. The phenological metric gur (green up rate) for the 
2004/2005 crop year was greater than that for the 2002/2003 and the 2003/2004 crop years. This metric 
is related to abrupt changes in vegetation [44] and, in the case of pasture, these changes are usually 
associated with manuring and fertilization.  

Compared to the max of the 2003/2004 crop year, there was an increase of 30% in the 2004/2005 
crop year, even with a reduction of 2.9% in the amount of accumulated precipitation. We note that 
there was no clear trend of biomass reduction from 2006 to 2012, which could be explained by the 
maintenance of good management practices, a strategy strongly recommended [30]. 

Figure 7. EVI2 time series for a pasture (Brachiaria brizantha) sampled in the Cerrado biome in the State
of Mato Grosso (15.87◦S, 52.392◦W); the stand was classified as “appropriate” in the field: (A) The
high-resolution Google Earth Image and (B) The photograph acquired in the field, respectively. The blue
line is the first filtered EVI2 time series. The red line is the wavelet transform series. The blue bars
are TRMM precipitation time series. The blue dotted line indicates the intervention detected by the
protocol. The year label indicates July for each crop-year.

In this pasture, the reduction in the max that occurred between 2003 and 2007 was also influenced
by a decrease in precipitation, which further influenced the biomass availability of the pasture.
Nevertheless, in the second period of biomass reduction (2008 to 2012), there were some years in which
the annual precipitation was higher than the mean precipitation of the analyzed period (e.g., 2009/2010
and 2010/2011). Considering that rainfall and grazing are the main factors affecting the structure
and function of the pasture [58], a possible explanation for the difference in the EVI2 response to the
variation in precipitation between periods may be a change in stocking rate.

Figure 8 shows the EVI2 time series of a pasture sampled in September 2012 in Jauru, Mato Grosso
(Amazon biome), where an intervention was identified as reformation. Unlike the previous examples,
the time series presented in Figure 8 shows no values of EVI2 indicating exposed soil or activities
related to pasture renewal or recovery. The phenological metric gur (green up rate) for the 2004/2005
crop year was greater than that for the 2002/2003 and the 2003/2004 crop years. This metric is related
to abrupt changes in vegetation [44] and, in the case of pasture, these changes are usually associated
with manuring and fertilization.

Compared to the max of the 2003/2004 crop year, there was an increase of 30% in the 2004/2005
crop year, even with a reduction of 2.9% in the amount of accumulated precipitation. We note that
there was no clear trend of biomass reduction from 2006 to 2012, which could be explained by the
maintenance of good management practices, a strategy strongly recommended [30].
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Figure 8. EVI2 time series for a pasture (Brachiaria brizantha) sampled in the Amazon biome in the 
State of Mato Grosso (15.597°S, 58.863°W); the stand was classified as “appropriate”: (A) the high 
resolution Google Earth Image and (B,C) the photographs acquired in the field. The blue line is the 
first filtered EVI2 time series. The red line is the wavelet transform series. The blue bars are TRMM 
precipitation time series. The blue dotted line indicates the intervention detected by the protocol. The 
year label indicates July for each crop-year. 

4.2. Degradation Process 

Figure 9 illustrates a pasture sampled in Porto Nacional, Tocantins, where the slope coefficient 
in the linear regression (−0.679) was statistically less than zero (R2 = 0.61; p-value = 0.001). Until the 
2004/2005 crop year, the vv values indicated that the biomass level was above the average observed 
for the previous pasture sampled in the Cerrado biome. From the 2006/2007 crop year on, there was 
a clear decrease in vv, and in the 2011/2012 crop year, the accumulated value of EVI2 was 36.6% less 
than in the 2001/2002 crop year. 

Despite the increase in the EVI2 values in 2007/2008, the Boolean criteria did not show any kind 
of intervention in this pasture. Bc11 and bc12 (idp) were true indicating no reformation, and bc3 and 
bc4 (min) were false indicating no recovery/renewal. The EVI2 values for the rainy season in the 
2006/2007 crop year were atypical in comparison to the other crop years and did not show the 
expected pattern for a pasture with the Andropogon grass (Figure 9). This may be an indication that 
there was some prejudicial intervention or change in the grazing regime, decreasing the biomass 
availability. If this crop year is excluded from the analysis, the pasture degradation becomes even 
more evident, corroborating the classification based on the protocol. 

Figure 8. EVI2 time series for a pasture (Brachiaria brizantha) sampled in the Amazon biome in the State
of Mato Grosso (15.597◦S, 58.863◦W); the stand was classified as “appropriate”: (A) the high resolution
Google Earth Image and (B,C) the photographs acquired in the field. The blue line is the first filtered
EVI2 time series. The red line is the wavelet transform series. The blue bars are TRMM precipitation
time series. The blue dotted line indicates the intervention detected by the protocol. The year label
indicates July for each crop-year.

4.2. Degradation Process

Figure 9 illustrates a pasture sampled in Porto Nacional, Tocantins, where the slope coefficient
in the linear regression (−0.679) was statistically less than zero (R2 = 0.61; p-value = 0.001). Until the
2004/2005 crop year, the vv values indicated that the biomass level was above the average observed
for the previous pasture sampled in the Cerrado biome. From the 2006/2007 crop year on, there was a
clear decrease in vv, and in the 2011/2012 crop year, the accumulated value of EVI2 was 36.6% less
than in the 2001/2002 crop year.

Despite the increase in the EVI2 values in 2007/2008, the Boolean criteria did not show any kind
of intervention in this pasture. Bc11 and bc12 (idp) were true indicating no reformation, and bc3 and
bc4 (min) were false indicating no recovery/renewal. The EVI2 values for the rainy season in the
2006/2007 crop year were atypical in comparison to the other crop years and did not show the expected
pattern for a pasture with the Andropogon grass (Figure 9). This may be an indication that there was
some prejudicial intervention or change in the grazing regime, decreasing the biomass availability.
If this crop year is excluded from the analysis, the pasture degradation becomes even more evident,
corroborating the classification based on the protocol.
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Figure 9. EVI2 time series for a pasture (Andropogon) sampled in the Cerrado biome in the Tocantins 
State (10.406°S, 48.476°W); the stand was classified as “intermediate”: (A) the high-resolution Google 
Earth Image and (B,C) the photographs acquired in the field. The blue line is the first filtered EVI2 
time series. The red line is the wavelet transform series. The blue bars are TRMM precipitation time 
series. The year label indicates July for each crop-year. 

4.3. Caveats 

The protocol discussed here was proposed to assess tropical pastures using a moving time 
window, which considered the typical seasonality. Therefore, areas converted after 2000 or those that 
had other usages during the analyzed period (e.g., temporary crops, forests or sugar cane) may not 
meet the adopted premises. 

For these cases, the definition of phenological metrics should consider other criteria such as those 
established by [59] for mapping forest and rubber trees; by [60] for mapping vegetation types; by [61] 
for estimating gross primary production of subtropical pasture; or by [25] in the elaboration of an 
interpretation key to evaluate changes in land use and land cover as a result of sugar cane expansion. 

The extensive use of fire as a management practice for pasture and the high incidence of 
wildfires, particularly in the dry season in the Cerrado and in the Amazon [54], may also introduce 
error in the protocol. Pasture burning drastically reduces the pasture biomass. However, the supply 
of potassium derived from the ashes increases the pasture productivity after burning [12]. The effect 
of this process in the EVI2 time series can resemble that of renewal/recovery antropic processes. 

Well-managed pastures can also be erroneously classified by the criteria used in the protocol. 
For instance, irrigated pastures do not have the expected typical behavior because they do not depend 
on seasonal water availability. In these cases, the identification of maximum and minimum EVI2 
values makes no sense. 

Figure 9. EVI2 time series for a pasture (Andropogon) sampled in the Cerrado biome in the Tocantins
State (10.406◦S, 48.476◦W); the stand was classified as “intermediate”: (A) the high-resolution Google
Earth Image and (B,C) the photographs acquired in the field. The blue line is the first filtered EVI2 time
series. The red line is the wavelet transform series. The blue bars are TRMM precipitation time series.
The year label indicates July for each crop-year.

4.3. Caveats

The protocol discussed here was proposed to assess tropical pastures using a moving time window,
which considered the typical seasonality. Therefore, areas converted after 2000 or those that had other
usages during the analyzed period (e.g., temporary crops, forests or sugar cane) may not meet the
adopted premises.

For these cases, the definition of phenological metrics should consider other criteria such as those
established by [59] for mapping forest and rubber trees; by [60] for mapping vegetation types; by [61]
for estimating gross primary production of subtropical pasture; or by [25] in the elaboration of an
interpretation key to evaluate changes in land use and land cover as a result of sugar cane expansion.

The extensive use of fire as a management practice for pasture and the high incidence of wildfires,
particularly in the dry season in the Cerrado and in the Amazon [54], may also introduce error in the
protocol. Pasture burning drastically reduces the pasture biomass. However, the supply of potassium
derived from the ashes increases the pasture productivity after burning [12]. The effect of this process
in the EVI2 time series can resemble that of renewal/recovery antropic processes.

Well-managed pastures can also be erroneously classified by the criteria used in the protocol.
For instance, irrigated pastures do not have the expected typical behavior because they do not depend
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on seasonal water availability. In these cases, the identification of maximum and minimum EVI2
values makes no sense.

As previously discussed, unsuccessful interventions may not be identified by the protocol.
Nevertheless, they usually do not represent a biomass gain and an improvement of pasture carrying
capacity and, therefore, do not contribute to the intensification of livestock [30]. Abrupt and significant
changes in pasture stocking rate may contribute to the increase in the amount of biomass, resulting in
EVI2 values similar to those observed for pasture reformation. According to [56], drastic reductions
in pasture stocking rate are not common and are usually associated with economic factors such as
cattle price.

Assuming that agricultural degradation is characterized by EVI2 time series as an increasing
trend of vv, one can identify this process by adopting the same methodology proposed in this study,
considering the pasture as degraded when the slope coefficient of the linear regression is positive and
significant. However, according to [15], distinguishing pasture with good productivity from those
under agricultural degradation using satellite imagery is a complicated task, since several factors may
contribute to the biomass increase of a pasture land. This includes subgrazing, the adequacy of the
pasture stocking rate, and the use of appropriate grazing practices (e.g., maintenance manuring).

Finally, we note that because our pasture samples were not selected randomly from the entire
population in each biome, extending the results obtained for these samples to the biome scale would
be speculative.

5. Conclusions

Time series of MODIS EVI2 data have the potential to be used for detecting degradation processes
in tropical pastures, as well as anthropogenic interventions (i.e., renewal/recovery and reformation).

From the pastures sampled in this study, 19.1% presented a trend of biomass reduction, 26.6%
went through some kind of intervention for pasture improvement, and 54.3% showed no intervention
or biomass reduction in the analyzed period. Among the biomes with most samples, the Amazon
presented the highest percentage of samples of degraded pastures (22.5%), followed by the Cerrado
(17.7%) and the Atlantic Forest (6.6%).

These results are based on a protocol defined with empirical knowledge acquired in the literature
and three extensive field campaigns. We found some difficulties in obtaining historical data about
pasture and grazing management (i.e., pasture condition, including biomass measurements over time,
stocking rate, introduction/removal of cattle, and management techniques used for renewal/recovery
and reformation procedures), which could be used to improve the protocol presented here.

There are still few studies that have explored the use of remote sensing tools for assessing
tropical pastures. This study represents a novel attempt to assess tropical pasture using indicators
of intensification and pasture degradation. The protocol developed here may be used to support
funding mechanisms for pasture improvement, and serve as a basis for the elaboration of public
policies focused on livestock and the environment.
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Figure A1. Schematic representation of the adopted sampling strategy, emphasizing the location of 
sample points within the pasture (solid circles); the average distance between samples (20 steps; 
dashed lines); the field of view of the vertical photographs (≈192 cm2; gray rectangles); and the 
footprint of the area used for counting the number of invasive species, stools, and termite mounds 
(open circle). 

References 

1. Tilman, D.; Balzer, C.; Hill, J.; Befort, B.L. Global food demand and the sustainable intensification of 
agriculture. Proc. Natl. Acad. Sci. USA 2011, 108, 20260–20264. 

2. Edenhofer, O.; Madruga, R.P.; Sokona, Y.; Seyboth, K.; Matschoss, P.; Kadner, S.; Zwickel, T.; Eickemeier, 
P.; Hansen, G.; Schlömer, S.; et al. IPCC special report on renewable energy sources and climate change 
mitigation. In Working Group III of the Intergovernmental Panel on Climate Change; Cambridge University 
Press: Cambridge, UK, 2011; p. 1075. 

3. Bedunah, D.J.; Angerer, J.P. Rangeland degradation, poverty, and conflict: How can rangeland scientists 
contribute to effective responses and solutions? Rangel. Ecol. Manag. 2012, 65, 606–612. 

4. Herrick, J.E.; Brown, J.R.; Bestelmeyer, B.T.; Andrews, S.S.; Baldi, G.; Davies, J.; Duniway, M.; Havstad, K. 
M.; Karl, J.W.; Karlen, D.L.; et al. Revolutionary land use change in the 21st century: Is (rangeland) science 
relevant? Rangel. Ecol. Manag. 2012, 65, 590–598. 

5. Food and Agriculture Organization (FAO). World Agriculture: Statistics, Roma, 2013. Available online: 
http://www.fao.org/statistics/en/ (accessed on 18 June 2013). 

6. COP: Panorama. Available online: http://www.brasil.gov.br/cop/panorama/o-que-o-brasil-esta-
fazendo/metas-domesticas (accessed on 11 July 2013). 

7. Smith P.; Bustamante, M.; Ahammad, H.; Clark, H.; Dong, H.; Elsiddig E.A.; Haberl, H.; Harper, R.; House, 
J.; Jafari, M.; et al. Agriculture, forestry and other land use (AFOLU). In Climate Change 2014: Mitigation of 
Climate Change. Contribution of Working Group III to the Fifth Assessment Report of the Intergovernmental Panel 
on Climate Change; Edenhofer, O., Madruga, R.P., Sokona, Y., Farahani, E., Kadner, S., Seyboth, K., Adler, 
A., Baum, I., Brunner, S., Eickemeier, P.,et al. Eds.; Cambridge University Press: Cambridge, UK, 2014. 

8. Scharlemann, P.W.; Laurance, W.F. How green are biofuels? Science 2008, 319, 43–44. 
9. Goldemberg, J.; Guardabassi, P. Are biofuels a feasible option? Energy Policy 2009, 37, 10–14. 
10. Leite, R.C.C.; Leal, M.R.L.V.; Cortez, L.A.B.; Griffin, W.M.; Scandiffio, M.I.G. Can Brazil replace 5% of the 

2025 gasoline world demand with ethanol? Energy 2009, 65, 655–661. 
11. Nair, P.K.R.; Saha, S.K.; Nair, V.D.; Haile, S.G. Potential for greenhouse gas emissions from soil carbon 

stock following biofuel cultivation on degraded lands. Land Degrad. Dev. 2011, 22, 395–409. 
12. Filho, M.B.D. Degradação de Pastagens: Processos, Causas e Estratégias de Recuperação, 4 ed.; Embrapa 

Amazônia Oriental: Belém, Brazil, 2011; p. 215. 

Figure A1. Schematic representation of the adopted sampling strategy, emphasizing the location of
sample points within the pasture (solid circles); the average distance between samples (20 steps; dashed
lines); the field of view of the vertical photographs (≈192 cm2; gray rectangles); and the footprint of
the area used for counting the number of invasive species, stools, and termite mounds (open circle).

References

1. Tilman, D.; Balzer, C.; Hill, J.; Befort, B.L. Global food demand and the sustainable intensification of
agriculture. Proc. Natl. Acad. Sci. USA 2011, 108, 20260–20264. [CrossRef] [PubMed]

2. Edenhofer, O.; Madruga, R.P.; Sokona, Y.; Seyboth, K.; Matschoss, P.; Kadner, S.; Zwickel, T.; Eickemeier, P.;
Hansen, G.; Schlömer, S.; et al. IPCC special report on renewable energy sources and climate change
mitigation. In Working Group III of the Intergovernmental Panel on Climate Change; Cambridge University Press:
Cambridge, UK, 2011; p. 1075.

3. Bedunah, D.J.; Angerer, J.P. Rangeland degradation, poverty, and conflict: How can rangeland scientists
contribute to effective responses and solutions? Rangel. Ecol. Manag. 2012, 65, 606–612. [CrossRef]

4. Herrick, J.E.; Brown, J.R.; Bestelmeyer, B.T.; Andrews, S.S.; Baldi, G.; Davies, J.; Duniway, M.; Havstad, K. M.;
Karl, J.W.; Karlen, D.L.; et al. Revolutionary land use change in the 21st century: Is (rangeland) science
relevant? Rangel. Ecol. Manag. 2012, 65, 590–598. [CrossRef]

5. Food and Agriculture Organization (FAO). World Agriculture: Statistics, Roma, 2013. Available online:
http://www.fao.org/statistics/en/ (accessed on 18 June 2013).

6. COP: Panorama. Available online: http://www.brasil.gov.br/cop/panorama/o-que-o-brasil-esta-fazendo/
metas-domesticas (accessed on 11 July 2013).

7. Smith, P.; Bustamante, M.; Ahammad, H.; Clark, H.; Dong, H.; Elsiddig, E.A.; Haberl, H.; Harper, R.; House, J.;
Jafari, M.; et al. Agriculture, forestry and other land use (AFOLU). In Climate Change 2014: Mitigation of
Climate Change. Contribution of Working Group III to the Fifth Assessment Report of the Intergovernmental Panel on
Climate Change; Edenhofer, O., Madruga, R.P., Sokona, Y., Farahani, E., Kadner, S., Seyboth, K., Adler, A.,
Baum, I., Brunner, S., Eickemeier, P., et al., Eds.; Cambridge University Press: Cambridge, UK, 2014.

8. Scharlemann, P.W.; Laurance, W.F. How green are biofuels? Science 2008, 319, 43–44. [CrossRef] [PubMed]
9. Goldemberg, J.; Guardabassi, P. Are biofuels a feasible option? Energy Policy 2009, 37, 10–14. [CrossRef]
10. Leite, R.C.C.; Leal, M.R.L.V.; Cortez, L.A.B.; Griffin, W.M.; Scandiffio, M.I.G. Can Brazil replace 5% of the

2025 gasoline world demand with ethanol? Energy 2009, 65, 655–661. [CrossRef]
11. Nair, P.K.R.; Saha, S.K.; Nair, V.D.; Haile, S.G. Potential for greenhouse gas emissions from soil carbon stock

following biofuel cultivation on degraded lands. Land Degrad. Dev. 2011, 22, 395–409. [CrossRef]

http://dx.doi.org/10.1073/pnas.1116437108
http://www.ncbi.nlm.nih.gov/pubmed/22106295
http://dx.doi.org/10.2111/REM-D-11-00155.1
http://dx.doi.org/10.2111/REM-D-11-00186.1
http://www.fao.org/statistics/en/
http://www.brasil.gov.br/cop/panorama/o-que-o-brasil-esta-fazendo/metas-domesticas
http://www.brasil.gov.br/cop/panorama/o-que-o-brasil-esta-fazendo/metas-domesticas
http://dx.doi.org/10.1126/science.1153103
http://www.ncbi.nlm.nih.gov/pubmed/18174426
http://dx.doi.org/10.1016/j.enpol.2008.08.031
http://dx.doi.org/10.1016/j.energy.2008.11.001
http://dx.doi.org/10.1002/ldr.1016


Remote Sens. 2017, 9, 73 18 of 20

12. Filho, M.B.D. Degradação de Pastagens: Processos, Causas e Estratégias de Recuperação, 4th ed.; Embrapa
Amazônia Oriental: Belém, Brazil, 2011; p. 215.

13. Numata, I.; Roberts, D.A.; Chadwick, O.A.; Schimel, J.; Sampaio, F.R.; Leonidas, F.C. Regional
characterization of pasture changes through time and space in Rondônia, Brazil. Earth Interact. 2007,
11, 1–25. [CrossRef]

14. Numata, I.; Roberts, D.A.; Chadwick, O.A.; Schimel, J.; Sampaio, F.R.; Leonidas, F.C.; Soares, J.V.
Characterization of pasture biophysical properties and the impact of grazing intensity using remotely
sensed data. Remote Sens. Environ. 2007, 109, 314–327. [CrossRef]

15. Davidson, E.A.; Asner, G.P.; Stone, T.A.; Neill, C.; Figueiredo, R.O. Objective indicators of pasture degradation
from spectral mixture analysis of Landsat imagery. J. Geophys. Res. Biogeosci. 2008, 113. [CrossRef]

16. Rufin, P.; Müller, H.; Pflugmacher, D.; Hostert, P. Land use intensity trajectories on Amazonian pastures
derived from Landsat time series. Int. J. Appl. Earth Obs. Geoinf. 2015, 41, 1–10. [CrossRef]

17. Allen, R.A.W.; West, N.E.; Ramsey, R.D.; Efroymson, R.A. A Protocol for retrospective remote sensing: Based
ecological monitoring of rangelands. Rangel. Ecol. Manag. 2008, 59, 19–29. [CrossRef]

18. Hagen, S.C.; Heilman, P.; Marsett, R.; Torbick, N.; Salas, W.; van Ravensway, J.; Qi, J. Mapping total
vegetation cover across western rangelands with moderate-resolution imaging spectroradiometer data.
Rangel. Ecol. Manag. 2012, 65, 456–467. [CrossRef]

19. Wylie, B.K.; Boyte, S.P.; Major, D.J. Ecosystem performance monitoring of rangelands by integrating modeling
and remote sensing. Rangel. Ecol. Manag. 2012, 65, 241–252. [CrossRef]

20. Jiang, Z.; Huete, A.; Didan, K.; Miura, T. Development of a two-band enhanced vegetation index without a
blue band. Remote Sens. Environ. 2008, 112, 3833–3845. [CrossRef]

21. Asner, G.P.; Townsend, A.R.; Bustamante, M.M.C.; Nardoto, G.B.; Olander, L.P. Pasture degradation in the
central Amazon: Linking changes in carbon and nutrient cycling with remote sensing. Glob. Chang. Biol.
2004, 10, 844–862. [CrossRef]

22. Numata, I.; Soares, J.V.; Roberts, D.A.; Leonidas, F.C.; Chadwick, O.A.; Batista, G.T. Relationships among
soil fertility dynamics and remotely sensed measures across pasture chronosequences in Rondônia, Brazil.
Remote Sens. Environ. 2003, 87, 446–455. [CrossRef]

23. Jönsson, P.; Eklundh, L. Seasonality extraction by function fitting to time-series of satellite sensor data.
IEEE Trans. Geosci. Remote Sens. 2002, 40, 1824–1832. [CrossRef]

24. Aguiar, D.A.; Adami, M.; Silva, W.F.; Rudorff, B.F.T.; Mello, M.P.; Silva, J.S.V. MODIS time series to assess
pasture land. In Proceedings of the 30th IEEE International Geoscience and Remote Sensing Symposium
(IGARSS 2010), Honolulu, HI, USA, 25–30 July 2010; pp. 2123–2126.

25. Adami, M.; Rudorff, B.F.T.; Freitas, R.M.; Aguiar, D.A.; Mello, M.P. Remote sensing time series to evaluate
direct land use change of recent expanded sugarcane crop in Brazil. Sustainability 2012, 4, 574–585. [CrossRef]

26. Ferreira, L.G.; Ferreira, M.E.; Clementino, N.; Jesus, E.T.; Sano, E.E.; Huete, A.R. Evaluation of MODIS
vegetation indices and change thresholds for the monitoring of the Brazilian Cerrado. In Proceedings of the
IEEE International Geoscience and Remote Sensing Symposium, Anchorage, AK, USA, 20–24 September
2004; pp. 4340–4343.

27. Ferreira, L.G.; Fernandez, L.; Sano, E.E.; Field, C.; Sousa, S.; Arantes, A.; Araújo, F. Biophysical properties of
cultivated pastures in the brazilian savanna biome: An analysis in the spatial-temporal domains based on
ground and satellite data. Remote Sens. 2013, 5, 307–326. [CrossRef]

28. Huete, A.R.; Didan, K.; Miura, T.; Redriguez, E.P.; Gao, X.; Ferreira, L.G. Overview of the radiometric
and biophysical performance of the MODIS vegetation indices. Remote Sens. Environ. 2002, 83, 195–213.
[CrossRef]

29. Oliveira, O.C.; Oliveira, I.P.; Alves, B.J.R.; Urquiaga, S.; Boddey, R.M. Chemical and biological indicators
of decline/degradation of Brachiaria pastures in the Brazilian Cerrado. Agric. Ecosyst. Environ. 2004, 103,
289–300. [CrossRef]

30. Macedo, M.C.M.; Zimmer, A.H.; Kichel, A.N.; Almeida, R.G.; Araújo, A.R. Degradação de pastagens,
alternativas de recuperação e renovação, e formas de mitigação. Encontro de Adubação de Pastagens da Scot
Consultoria. Ribeirão Preto: Scot Consultoria 2013, 1, 158–181.

31. Yang, X.; Guo, X. Investigating vegetation biophysical and spectral parameters for detecting light to moderate
grazing effects: A case in mixed grass prairie. Cent. Eur. J. Geosci. 2011, 3, 336–348. [CrossRef]

http://dx.doi.org/10.1175/EI232.1
http://dx.doi.org/10.1016/j.rse.2007.01.013
http://dx.doi.org/10.1029/2007JG000622
http://dx.doi.org/10.1016/j.jag.2015.04.010
http://dx.doi.org/10.2111/04-116R2.1
http://dx.doi.org/10.2111/REM-D-11-00188.1
http://dx.doi.org/10.2111/REM-D-11-00058.1
http://dx.doi.org/10.1016/j.rse.2008.06.006
http://dx.doi.org/10.1111/j.1529-8817.2003.00766.x
http://dx.doi.org/10.1016/j.rse.2002.07.001
http://dx.doi.org/10.1109/TGRS.2002.802519
http://dx.doi.org/10.3390/su4040574
http://dx.doi.org/10.3390/rs5010307
http://dx.doi.org/10.1016/S0034-4257(02)00096-2
http://dx.doi.org/10.1016/j.agee.2003.12.004
http://dx.doi.org/10.2478/s13533-011-0032-4


Remote Sens. 2017, 9, 73 19 of 20

32. Ferreira, L.G.; Huete, A.R. Assessing the seasonal dynamics of the Brazilian Cerrado vegetation through the
use of spectral vegetation indices. Int. J. Remote Sens. 2004, 25, 1837–1860. [CrossRef]

33. Zimmer, A.H.; Macedo, M.C.M.; Kichel, A.N.; Almeida, R.G. Degradação, Recuperação e Renovação de
Pastagens. Campo Grande-MS. 2012. Available online: http://www.infoteca.cnptia.embrapa.br/bitstream/
doc/951322/1/DOC189.pdf (accessed on 30 July 2013).

34. Rally da Pecuária. Available online: http://www.rallydapecuaria.com.br/ (accessed on 20 September 2013).
35. Instituto Brasileiro de Geografia e Estatística (IBGE). Agropecuária—Censo Agropecuário. Rio de Janeiro,

2006. Available online: http://www.ibge.gov.br/home/estatistica/economia/agropecuaria/censoagro/
brasil_2006/default.shtm (accessed on 22 July 2011).

36. Lacerda, M.J.R.; Freitas, K.R.; Silva, J.W. Determinação da matéria seca de forrageiras pelos métodos de
microondas e convencional. Biosci. J. 2009, 25, 185–190.

37. Series View. Available online: http://www.dsr.inpe.br/laf/series (accessed on 2 April 2012).
38. Sakamoto, T.; Yokozawa, M.; Toritani, H.; Shibayama, M.; Ishitsuka, N.; Ohno, H. A crop phenology detection

method using time-series MODIS data. Remote Sens. Environ. 2005, 96, 366–374. [CrossRef]
39. Freitas, R.M.; Arai, E.; Adami, M.; Souza, A.F.; Sato, F.Y.; Shimabukuro, Y.E.; Rosa, R.R.; Anderson, L.O.;

Rudorff, B.F.T. Virtual laboratory of remote sensing time series: Visualization of MODIS EVI2 data set over
South America. J. Comput. Interdiscip. Sci. 2011, 2, 57–68. [CrossRef]

40. Adami, M.; Mello, M.P.; Aguiar, D.A.; Rudorff, B.F.T.; Souza, A.F. A web platform development to perform
thematic accuracy assessment of sugarcane mapping in South-Central Brazil. Remote Sens. 2012, 4, 3201–3214.
[CrossRef]

41. Geodegrade. Available online: http://www.geodegrade.cnpm.embrapa.br (accessed on 15 July 2012).
42. Team R Core. R: A Language and Environment for Statistical Computing; R Foundation for Statistical Computing:

Vienna, Austria, 2016.
43. Lunetta, R.; Knight, J.; Ediriwickrema, J.; Lyon, J.; Worthy, L. Land-cover change detection using

multi-temporal MODIS NDVI data. Remote Sens. Environ. 2006, 105, 142–154. [CrossRef]
44. Atkinson, P.M.; Jeganathan, C.; Dash, J.; Atzberger, C. Inter-comparison of four models for smoothing

satellite sensor time-series data to estimate vegetation phenology. Remote Sens. Environ. 2012, 123, 400–417.
[CrossRef]

45. Liu, S.; Wang, T.; Guo, J.; Qu, J.; An, P. Vegetation change based on SPOT-VGT data from 1998–2007, Northern
China. Environ. Earth Sci. 2010, 60, 1459–1466. [CrossRef]

46. Forkel, M.; Carvalhais, N.; Verbesselt, J.; Mahecha, M.; Neigh, C.; Reichstein, M. Trend change detection
in NDVI time series: Effects of inter-annual variability and methodology. Remote Sens. 2013, 5, 2113–2144.
[CrossRef]

47. Kutner, M.H.; Nachtsheim, C.J.; Neter, J.; Li, W. Applied Linear Statistical Models, 5th ed.; McGraw-Hill:
New York, NY, USA, 2005; p. 1424.

48. Schlesinger, S. Onde Pastar? O Gado No Brasil; FASE: Rio de Janeiro, Brazil, 2010; p. 116.
49. Filho, M.B.D.; Davidson, E.A.; Carvalho, C.J.R. Linking biogeochenical cycles to cattle pasture management

and sustainability in the Amazon Basin. In The Biogeochemistry of the Amazon Basin; Mcclain, M.E.,
Victoria, R.L., Richey, J.E., Eds.; Oxford University Press: Oxford, UK, 2001; pp. 84–105.

50. Evans, J.; Geerken, R. Discrimination between climate and human-induced dryland degradation.
J. Arid Environ. 2004, 57, 535–554. [CrossRef]

51. Archer, E.R.M. Beyond the “climate versus grazing” impasse: Using remote sensing to investigate the
effects of grazing system choice on vegetation cover in the eastern Karoo. J. Arid Environ. 2004, 57, 381–408.
[CrossRef]

52. Li, Z.; Guo, X. Detecting climate effects on vegetation in northern mixed prairie using NOAA AVHRR 1-km
time-series NDVI data. Remote Sens. 2012, 4, 120–134. [CrossRef]

53. Assad, E.D. Agricultura de Baixa Emissão de Carbono: A Evolução de um Novo Paradigma. São Paulo,
2013. Available online: http://www.observatorioabc.com.br/ckeditor_assets/attachments/38/2013_06_
28_relatorio_estudo_1_observatorio_abc.pdf (accessed on 10 July 2012).

54. Ferreira, L.G.; Sano, E.E.; Fernandez, L.E.; Araújo, F.M. Biophysical characteristics and fire occurrence of
cultivated pastures in the Brazilian savanna observed by moderate resolution satellite data. Int. J. Remote Sens.
2013, 34, 154–167. [CrossRef]

http://dx.doi.org/10.1080/0143116031000101530
http://www.infoteca.cnptia.embrapa.br/bitstream/doc/951322/1/DOC189.pdf
http://www.infoteca.cnptia.embrapa.br/bitstream/doc/951322/1/DOC189.pdf
http://www.rallydapecuaria.com.br/
http://www.ibge.gov.br/home/estatistica/economia/agropecuaria/censoagro/brasil_2006/default.shtm
http://www.ibge.gov.br/home/estatistica/economia/agropecuaria/censoagro/brasil_2006/default.shtm
http://www.dsr.inpe.br/laf/series
http://dx.doi.org/10.1016/j.rse.2005.03.008
http://dx.doi.org/10.6062/jcis.2011.02.01.0032
http://dx.doi.org/10.3390/rs4103201
http://www.geodegrade.cnpm.embrapa.br
http://dx.doi.org/10.1016/j.rse.2006.06.018
http://dx.doi.org/10.1016/j.rse.2012.04.001
http://dx.doi.org/10.1007/s12665-009-0281-4
http://dx.doi.org/10.3390/rs5052113
http://dx.doi.org/10.1016/S0140-1963(03)00121-6
http://dx.doi.org/10.1016/S0140-1963(03)00107-1
http://dx.doi.org/10.3390/rs4010120
http://www.observatorioabc.com.br/ckeditor_assets/attachments/38/2013_06_28_relatorio_estudo_1_observatorio_abc.pdf
http://www.observatorioabc.com.br/ckeditor_assets/attachments/38/2013_06_28_relatorio_estudo_1_observatorio_abc.pdf
http://dx.doi.org/10.1080/01431161.2012.712223


Remote Sens. 2017, 9, 73 20 of 20

55. Macedo, M.C.M. Sustainability of pasture production in the savannas of tropical America. In Proceedings of
the XVIII International Grassland Congress, Winnipeg, MB, Canada, 8–19 June 1997; pp. 391–400.

56. Galford, G.; Mustard, J.; Melillo, J.; Gendrin, A.; Cerri, C.C. Wavelet analysis of MODIS time series to detect
expansion and intensification of row-crop agriculture in Brazil. Remote Sens. Environ. 2008, 112, 576–587.
[CrossRef]

57. Machado, L.A.Z.; Kichel, A.N. Ajuste de Lotação no Manejo de Pastagens; Embrapa Agropecuária Oeste:
Campo Grande, Brazil, 2004; p. 55.

58. Chimner, R.A.; Welker, J.M. Influence of grazing and precipitation on ecosystem carbon cycling in a
mixed-grass prairie. Pastor. Res. Policy Pract. 2011, 1. [CrossRef]

59. Senf, C.; Pflugmacher, D.; van Der Linden, S.; Hostert, P. Mapping rubber plantations and natural forests
in Xishuangbanna (Southwest China) using multi-spectral phenological metrics from MODIS time series.
Remote Sens. 2013, 5, 2795–2812. [CrossRef]

60. Hüttich, C.; Gessner, U.; Herold, M.; Strohbach, B.J.; Schmidt, M.; Keil, M.; Dech, S. On the suitability of
MODIS time series metrics to map vegetation types in dry savanna ecosystems: A case study in the Kalahari
of NE Namibia. Remote Sens. 2009, 1, 620–643. [CrossRef]

61. Zhang, L.; Wylie, B.; Loveland, T.; Fosnight, E.; Tieszen, L.L.; Ji, L.; Gilmanov, T. Evaluation and comparison
of gross primary production estimates for the Northern Great Plains grasslands. Remote Sens. Environ. 2007,
106, 173–189. [CrossRef]

© 2017 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC-BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1016/j.rse.2007.05.017
http://dx.doi.org/10.1186/2041-7136-1-20
http://dx.doi.org/10.3390/rs5062795
http://dx.doi.org/10.3390/rs1040620
http://dx.doi.org/10.1016/j.rse.2006.08.012
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Study Area and Field Campaigns 
	In Situ Pasture Data Collection 
	Remotely Sensed Data 
	Protocol for Pasture Assessment Using Vegetation Index Time Series 
	Phenological Metrics 
	Identification of Anthropogenic Intervention in the Pasture 
	Identification of Degradation Process in Pasture 


	Results 
	Regional Analysis 
	Degradation and Intensification Trends in the Sampled Pasture Lands 

	Discussion 
	Anthropogenic Interventions 
	Degradation Process 
	Caveats 

	Conclusions 
	A 

